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If you had an AI assistant at your 
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V Recording and slides will be sent via email. 
V Look out for exclusive Bonus Content!
V Visit OneCause.com/Resources for on-demand webinars.
V Add questions, comment or send emojis in the Chat.
V Earn 1 CFRE credit with this webinar!
V Help share on social!

YOUR FEEDBACK MATTERS: WRAP-UP SURVEY

WIN: Amazon Gift Card
Help drive future webinar content!

Beyondthe

Webinar



Meet Our Presenters

Erik Tomalis

Chief Revenue Officer

Avid   

Nathan Hill

Vice President of Training

Avid  
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Moving up the 
grid with ai
How Nonprofits Can Unlock 
Greater Efficiency & Better Results
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The Fundraising
Operating System
Avid is the AI -powered system that powers your entire fundraising 

workflow. It turns donor data into priorities and action ṽautomatically. 

So you can scale your impact without scaling your team.

avidai.com
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Erik Tomalis
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Nathan Hill
Ȇăf|ἋƵƾ|ǋăq|ŪǙἋſÇἋǙƾ ăŪăŪË
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The Ai-Enabled 
Fundraising Team
Discover how an AI -empowered team can 

radically transform your fundraising efficiency 

and effectiveness in the free eBook.
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How do you feel aBoutAI?
SCARED? EXCITED? APATHETIC?
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Many Fundraisers Have
AI Paralysis
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Using Gen AI Not Using Gen AI

Percentage of Companies 
Using Generative AI

65%

https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai-2024
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https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai
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Yes! The chart means that about 50% of companies using AI actually 
review the content before publishing it.

Can you explain that in plain english , please?
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Yes! The chart means that about 50% of companies using AI actually 
review the content before publishing it.

Can you explain that in plain english , please?

THIS IS SCARY!
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More Quick 
Observations

Large companies are following more AI 
adoption best practices .1

Many companies express difficulty in 
hiring AI -related roles & skillsets.
(i.e. Data engineers & analysts, AI specialists, and more.)

2

Most companies expect to be
ẍɶǸ-ɾȶȡȺȺȡɅȓẍ ɾʌǍȒȒ for the next 3 years.3
Companies expect changes in 
headcount due to AI adoption.4

https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai
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of Nonprofits
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Only 77%?

of Nonprofits
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Only 77%?

of NonprofitsWhy is it so hard for
Nonprofits to get started?
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Did you know there were 
this many types of AI tools?

=ʔʌ ʌțǸɶǸẏɾ ǍȺɾɐ 
subcategories !

There are literally
10,000+ AI tools out there.
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Did you know there were 
this many types of AI tools?

=ʔʌ ʌțǸɶǸẏɾ ǍȺɾɐ 
subcategories !

There are literally
10,000+ AI tools out there.I QUIT



24

2 Types of AIto Consider 
at Your Nonprofit
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ÿțǸ fɐʔɶ ÿʳɳǸɾ ɐȒ Ẍ!uẍ

Machine Learning

Large Language Models

AI Agents

Very Scary Robots
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ÿțǸ fɐʔɶ ÿʳɳǸɾ ɐȒ Ẍ!uẍ

Machine Learning

Large Language Models

AI Agents

Very Scary Robots
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Machine 
Learning
A Brief History and 
Nonprofit Applications
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ma·chine learn·ing

Using computers to identify patterns, relationships, or rules from provided data
to perform tasks like classification, prediction, or optimization

[ muh-sheen lur-ning ] 

noun
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ma·chine learn·ing
[ muh-sheen lur-ning ] 

noun

Segmentation Projections Personalization
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A Brief History of Nonprofit Segmentation

Today

1960s

1960s Ṿ1970s

ÅRFM (Recency, Frequency, Monetary) introduced into Direct Marketing

ÅPublished by Arthur Middleton Hughes in Strategic Database Marketing

ÅSegmentation using RFM on transactions

ÅUsed by for -profit catalogs and credit card companies
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A Brief History of Nonprofit Segmentation

Today

1960s

1980s Ṿ1990s

ÅEarly adoption of RFM by large nonprofits (Red Cross, Habitat, etc.)

ÅSegmentation was manual. Utilized a simple point system or percentiles

ÅPrimary utilization was in the direct mail channel

1980s
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A Brief History of Nonprofit Segmentation

Today

1960s

2000s

ÅRFM capabilities were added to CRM software

ÅBecame the default prioritization methodology for direct mail and phone

ÅAdvanced implementations used regression models on top of RFM

2000s

1980s
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A Brief History of Nonprofit Segmentation

Today

1960s

2010s

ÅPredictive Modeling became more prevalent 

ÅUtilized 3 rd party tools like wealth, purchase behavior, and co -ops

ÅModels utilized dozens of variables instead of just RFM

ÅProduced segments like likelihood to give, upgrade, or lapse

2000s

1980s 2010s
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A Brief History of Nonprofit Segmentation

Today

1960s

2020s

ÅMost software incorporates modeling at some level 

ÅUtilizes 100s of factors for predictions

ÅModels are constantly updated as new data comes in

2000s

1980s 2010s

2020s
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A Brief History of Nonprofit Segmentation

Today

1960s

2020s

ÅMost software incorporates modeling at some level 

ÅUtilizes 100s of factors for predictions

ÅModels are constantly updated as new data comes in

2000s

1980s 2010s

2020s

©ôãĩãǌĭ ! xęĵãĒĵ÷ÊĊ xĩęÖĊãĐ
with Predictive Models



Nonprofit Benchmark Revenue
(Trailing 12 Months)

Percentage Change in Revenue (from previous period): Trailing 12 Months between Apr ƇMar. from 104 nonprofits

MʬǸɅ ʭțǸɅ ɶǸʬǸɅʔǸ ȡɾ ʔɳṟ



Percentage Change in Active Donors (from previous period): Trailing 12 Months between Apr ƇMar. from 104 nonprofits

Nonprofit Benchmark Donors
(Trailing 12 Months)

...the number of donors is going down.



38

Technology to Consider
Smart Donation Array
Gift array is AI suggested based 
upon user information

Cart Abandonment 
Reduction
Secondary offers when 
someone is likely to abandon

AI Fraud Prevention

Prevent false charges



39

Technology to Consider
Donor -Based Models
Use your data to identify 
audiences likely to take an 
action

Use Multiple Signals

Incorporate behavior and 
giving to produce better 
models
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LARGE 
Language 
Models
A Brief History and 
Nonprofit Applications
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A Brief History of Large Language Models

Today

1960s

1960s Ṿ2017

ÅMinimal progress was made prior to 2017

ÅApplications focused on Neural Networks and Statistical Language Models

Å It focused on word -sequences instead of broader understanding
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A Brief History of Large Language Models

Today

2017-Today

ÅThe GPT race kicked off with the introduction of the Transformer architecture. 

ÅOpenAI release ChatGPT to the public in 2022 with ability to write. It was based 
upon GPT3 model created in 2020.

ÅToday, AI can create text, images, video, and can even pass the Turing Test.

1960s 2017
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Where do LLMs get their data?

ǒPublicly Available Text (Websites, books, academic papers)

ǒLicensed Content (publishers, news outlets, etc.)

ǒOpen -Source Data Sets
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Where do LLMs get their data?

ǒPublicly Available Text (Websites, books, academic papers)

ǒLicensed Content (publishers, news outlets, etc.)

ǒOpen -Source Data Sets

©ôãĩãǌĭ ! 5ãí÷Ē÷ĵã xĩęÖĊãĐ
with LLMsfor Fundraising
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¬¬¶ɾ ǱɐɅẏʌ ȶɅɐʭ ʭțǍʌ 
is actually effective .
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For Example
Email newsletters are some of the 
most common emails.

oɐʭǸʬǸɶṟ

ÅThey reduce deliverability

ÅThey reduce engagement

ÅHave a response rate a fraction 
of a simple email
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Highly Designed Plain Text

19% Increase in Clicks

A/B Test Example Conducted by
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Designed Template Plain Text with Simple Language

272% Increase in Donations

A/B Test Example Conducted by
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Designed Template Plain Text with Simple Language

272% Increase in Donations

A/B Test Example Conducted by

LLMsAre Only As Effective
Êĭ »ôÊĵ ©ôãōǌņã -ããĒ ©ĩÊ÷ĒãÞ lĒ
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What can LLMs do for nonprofits?

ǒSummarize donor reports

ǒWrite fundraising copy

ǒScale personalization

ǒBecome the fundraiser (scary, right?)
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Technology to Consider: Zapier

Trigger : $500+ Gift entered into CRM

The Zap :

1. Donor Profile Search in CRM 

2. Wealth Screen on Donor Search

3. LinkedIn Search

4. ChatGPT for Summary

The Outcome : Donor Profile sent to Major Gift Officer



52

Technology to Consider
Custom GPT
Create your own GPT to reduce 
edits and revisions

Provide Past Examples
Help it learn your tone and 
style based upon past 
campaigns

Identify Brand 
Guidelines
Tell the GPT what and what not 
to say

(Not just the standard chat program)
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Technology to Consider
Data -Led Campaigns
Create entire campaigns based 
upon the strategic areas of 
need

Increased 
Personalization

Create emails and ads targeted 
to small segments of donors 
based upon shared affinities

Deploy Data & Content

Allow Avid to create your 
emails, push the segments, 
and set up the tracking

avidai.com
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Simple AI Solutions To
Try for Free
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1. Write More COPY
in your voice

With a Little Bit of Training
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Meet Riley
She was not made by AI.
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Your Mission Your Vision

Words You Often Say Words You Never Say

Your Value Proposition Donor Personas
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The More You Train It, the 
Better Your Results Will Be



60

Get the Guide
HOW TO TRAIN CHATGPT
TO WRITE BETTER FUNDRAISING APPEALS


